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Abstract: The most recent version of the job demands-resources (JD–R) theory proposes that demand-
ing working conditions and employee strain form a self-perpetuating loss cycle. By acknowledging
that such cycles are detrimental for both employees and organizations, the present study aimed to
contribute to enhancing the current scarce understanding regarding their explanatory mechanisms.
For this purpose, it applied social cognitive theory to propose that occupational self-efficacy mediates
the effects of two role stressors (i.e., role ambiguity and role conflict) on employee mental health com-
plaints and vice versa. The hypothesized reciprocal mediation effects were tested using a three-wave
full panel research design and a dataset of 917 (NT1 = 513, NT1+T2 = 122, NT1+T3 = 70, NT1+T2+T3 = 212)
Croatian employees working in heterogeneous private sector industries. The results demonstrated
that role conflict, but not role ambiguity, undermined employees’ beliefs in their capabilities to
successfully master their jobs which, in turn, led them to experience more mental health complaints
over time. Contrary to expectations, poor mental health did not lead to diminished efficacy beliefs nor,
in turn, more job demands over time. Overall, the results of this study demonstrated an additional
mechanism in the job demands-strain relationship and, at the same time, shed new light on the role
of personal resources within the JD–R theory. Accounting for the malleable nature of employee
efficacy beliefs, the study proposes several ways in which organizations can enhance occupational
self-efficacy and thereby curb the causal chain linking job demands and employee strain reactions.

Keywords: job demands; mental health; mediation; occupational self-efficacy; job demands-resources
theory; social cognitive theory; longitudinal study

1. Introduction

Today we know very well that certain job characteristics, such as work overload and
role ambiguity, can cause stress and harm employees’ health. When framed within one
of the leading job stress theories—the job demands–resources (JD–R) theory—these job
characteristics represent job demands or “those physical, psychological, social or organiza-
tional aspects of the job that require sustained physical and/or psychological effort and
are therefore associated with certain physiological and/or psychological costs” [1] (p. 274).
The most recent version of the JD–R theory also accounts for growing evidence of reversed
effects in which employees who experience high levels of stress and health issues may
perceive and generate more job demands over time [1,2]. In this way, employees may find
themselves caught in loss cycles, in which job demands lead to strain, which in turn again
leads to job demands [3]. Loss cycles are not only detrimental for individual employees but
can also undermine the effectiveness of entire organizations. For example, chronically ex-
hausted employees tend to perform poorly, spark conflicts with their colleagues and create
confusion about work-related assignments [4], which can spill over onto the performance
of entire organizations.

Although extant studies provide compelling empirical support for the existence and
harmfulness of loss cycles [3], much less is known about (i) why job demands cause

Int. J. Environ. Res. Public Health 2021, 18, 11532. https://doi.org/10.3390/ijerph182111532 https://www.mdpi.com/journal/ijerph

https://www.mdpi.com/journal/ijerph
https://www.mdpi.com
https://orcid.org/0000-0002-7945-5328
https://doi.org/10.3390/ijerph182111532
https://doi.org/10.3390/ijerph182111532
https://doi.org/10.3390/ijerph182111532
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3390/ijerph182111532
https://www.mdpi.com/journal/ijerph
https://www.mdpi.com/article/10.3390/ijerph182111532?type=check_update&version=2


Int. J. Environ. Res. Public Health 2021, 18, 11532 2 of 19

stress and impair employees’ health and conversely, (ii) why strain leads to higher levels
of job demands? The lack of knowledge about the psychological processes underlying
the reciprocal effects between job demands and strain has led the authors of the JD–R
theory to label them as one of the “unsettled issues that need to be addressed” [1] (p. 277),
as well as to call for research into the mediators that explain how vicious cycles can
be broken [3]. Consistent with the central role mediators play in the development of
psychological theories [5], knowing not just whether, but also why job demands and
strain transmit the reciprocal effects between each other might further support and refine
the JD–R theory because these theoretical explanations can provide a deeper and more
nuanced understanding of the theory’s two main causal pathways [1]. Furthermore, such
an understanding might guide practitioners to design more effective interventions [6] that
will target the most susceptible parts of loss cycles.

Therefore, the aim of this study is to explore the mediating mechanism underlying
the reciprocal effects between job demands and strain. To do so, the study comports with
two suggestions outlined in the JD–R literature [1,3,7]. Firstly, it builds on the comple-
mentary theoretical framework—the social cognitive theory [8]—to advance occupational
self-efficacy as a potential explanatory mechanism underlying loss cycles. Occupational
self-efficacy concerns employees’ confidence in their ability to successfully perform a job
and master various job-related challenges [9]. In line with the social cognitive theory, effi-
cacy beliefs may be shaped by both the external work environment, such as job demands,
and internal psychological states, such as employee strain [8]. In addition, efficacy beliefs
may also influence (objective and perceived) external working conditions and employees’
psychological states [10]. Building on the equivalent theoretical propositions, the existing
studies have demonstrated that employees’ self-efficacy plays a mediating role in gain
cycles, i.e., cycles formed by job resources and motivational outcomes [11,12]. Job resources
represent a second major category of job characteristics within the JD–R theory that are
functional in achieving work goals, stimulating personal growth, learning, and develop-
ment (e.g., job autonomy and supervisor support; [1]. For example, Llorens et al. [12]
found that job resources increase employees’ efficacy beliefs which in turn enhance their
work engagement, and vice versa, work engagement enhances self-efficacy, which in turn
increases job resources. By integrating propositions derived from social cognitive theory
and findings supporting the mediation role of efficacy beliefs in gain cycles, this study
posits that: (i) job demands have the opposite, debilitating effects on occupational self-
efficacy resulting in increased strain, and (ii) that strain undermines efficacy beliefs leading
to higher levels of (perceived) job demands.

Secondly, the study uses a three-wave full panel design needed to test inherently
causal mediation effects more accurately. The nascent studies examining intermediate
mechanisms that link job demands and employee strain have thus far predominantly used
cross-sectional research designs [13–15]), which cannot demonstrate that a predictor vari-
able over time causes changes in the mediator and that a mediator further causes changes
in an outcome variable [16]. Such methodological preconditions to a higher degree match
the full panel research design with a minimum of three measurement occasions [16]. As
another advantage, a three-wave full panel design allows examination of reciprocal media-
tion effects, which, compared to unidirectional effects, more accurately reflect propositions
of social cognitive theory.

In all, this study has the potential to make the following contributions. First, it
addresses one of the “unresolved issues” [1] (p. 277) in the JD–R theory, which concerns
the underlying mechanisms of its causal pathways. In doing so, it contributes to the few
studies examining the mediators underlying the effects of job demands on employee strain
(cf. [1]), and to the even fewer studies examining the mediators underlying the effect of
employee strain on job demands (cf. [3]). Second, by building on the social cognitive theory
to frame occupational self-efficacy as a mediator, the study has the potential to shed new
light on the role of personal resources in the job demands-strain relationship. Personal
resources refer to individual characteristics linked to resiliency and perceived control over
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one’s environment [11]: accordingly, self-efficacy represents a prototypical example [1]. At
present, the JD–R theory posits that personal resources act as buffers against the undesirable
effects of job demands [3]. However, empirical support for this proposition is limited [1,17].
Therefore, this study proposes an alternative perspective according to which personal
resources have the potential to transmit the undesirable influence of job demands onto
employee strain and vice versa. Although the mediation role of personal resources in the job
demands-strain relationship has previously been suggested by Taris and Schaufeli [18], its
empirical examination has thus far been limited to only a few studies (e.g., [19]). Third, the
study utilizes a three-wave full panel design which substantially improves the inferential
power compared to predominantly used cross-sectional tests of mediation [16]. Fourth,
this study aims to assist practitioners in developing effective organizational interventions.
Although primary interventions that directly target job demands should be used as a
most effective tool, many job demands often cannot be entirely eliminated from the work
environment (e.g., emotional demands in the health care system). Therefore, interventions
based on strengthening occupational self-efficacy may represent a promising alternative or
supplemental route to forestall loss cycles between job demands and strain and promote
individual and organizational well-being.

1.1. Job Demands and Strain in the Context of the Present Study

To conceptualize job demands, the study uses two role stressors—role ambiguity and
role conflict—which are prototypical examples of job demands within the JD–R theory [1].
Numerous studies have shown that both role stressors have detrimental effects on employee
well-being (for meta-analytical results, see [20]). Given their harmfulness and ubiquity
in different occupations, focusing on these two job demands might advance practical
interventions across a wide range of diverse work settings.

On the other hand, employee strain has been conceptualized as poor mental health,
i.e., mental health complaints. According to the World Health Organization, mental health
represents “a state of well-being in which an individual realizes his or her own abilities,
can cope with the normal stresses of life, can work productively and is able to make a
contribution to his or her community” [21]. The decision to focus on poor mental health
as an indicator of employee strain was guided by its overarching negative impact on
individuals and entire societies, particularly during the ongoing coronavirus pandemic.
For example, research shows that poor mental health predicts the development of mental
illnesses and suicides (e.g., [22]). At the organizational level, poor mental health has been
associated with productivity loss expressed in billions of dollars (e.g., [23]). Given that
the coronavirus pandemic has increased uncertainty, fear, and anxiety worldwide [24],
preserving employees’ mental health is a particularly topical issue. The hypothesized
research model is shown in Figure 1.

Figure 1. Hypothesized mediation model.

1.2. Reciprocal Relationships between Job Demands and Mental Health Complaints: Social
Cognitive Theory as an Explanatory Framework

At present, the JD–R theory posits that job demands lead to poor health through a
health-impairment process [1], according to which the demanding aspects of one’s job cost
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effort and consume energy resources [25]. Over time, exposure to job demands may lead
to chronic exhaustion and, if prolonged, impaired mental and physical health [3]. This
proposition has been supported by several studies (e.g., [26,27]). However, scholars have
debated whether the energy-based explanation is comprehensive enough to account for the
complex and overarching detrimental effects of job demands on employee health [1,7,18].
Consistent with this debate, the examples of alternative mediators tested in extant studies
include satisfaction of the basic psychological needs [13], obsessive and harmonious pas-
sion [14], deep and surface acting [15], and recovery experiences [28]. On the other hand,
currently proposed mechanisms of the effects of strain on job demands include maladap-
tive self-regulation strategies, such as self-undermining and coping inflexibility [29]. The
present study aims to extend both lists in line with the following.

1.2.1. The Mediated Effect of Role Ambiguity and Role Conflict on Mental Health Complaints

Building on social cognitive theory, this paper proposes that role ambiguity and role
conflict have the potential to undermine employees’ occupational self-efficacy by conveying
two sources of information regarding one’s work-related capabilities [30]. In the order
of the expected strength of their influence, these are experiences of performance failures
(pertaining to enactive mastery experiences) and evoked physiological and affective states,
such as fatigue and anxiety (which partially overlap with the energy process proposed by
the JD–R theory). However, this is not intended to imply that other job demands cannot
provide additional or different sources of information for evaluating one’s job-related
capabilities (e.g., through performance feedback) [8].

Role ambiguity reflects perceived uncertainty about various aspects of one’s job [31],
such as ambiguous work responsibilities, goals, and scope of authority. Lack of clarity
about these fundamental aspects of one’s work role may predispose an employee to
experience repeated performance failures over time. Because people strongly rely on
previous performance successes and failures when assessing their capabilities [8], failures
stemming from prolonged exposure to ambiguous work roles are hypothesized to diminish
occupational self-efficacy. Secondly, ambiguous circumstances may compel employees to
invest additional effort in meeting their goals. Over time, these additional efforts may come
with extra costs, leaving employees weary, frustrated, and anxious; a suggestion that aligns
with the previous characterization of role ambiguity as “an inherently noxious state” [31]
(p. 191). All of these are examples of physiological and affective states that employees tend
to use to assess their personal efficacy, or in this case, inefficacy [8].

Complementary theoretical explanations may also be applied to predict how role
conflict influences occupational self-efficacy. Role conflict occurs when employees need to
deal with two or more incompatible demands associated with their work roles [32]. This
paper focuses on one particular type of role conflict—a person-role conflict—which reflects
the extent to which role demands are incompatible with an employee’s role expectations,
internal standards, and values [32,33]. Given that characteristics such as one’s values are
fairly stable and fundamental, their incongruity with role demands may lead to particu-
larly severe health-related consequences, such as depression and coronary disease [34].
Comparable to role ambiguity, person-role conflict can potentially hamper employees’
performance successes and induce unpleasant physiological and affective states. For ex-
ample, imagine a salesperson who is asked to sell a substantial amount of poor-quality
product and is aware that this product is not something customers should spend their
money on. Not only might this employee feel less willing and able to achieve this goal, but
continuously coping with such a job demand may lead to feelings of fatigue, frustration,
and anger [35], all of which are processes that tend to thwart sense of efficacy. Consistent
with theoretical propositions delineating the harmful effects of both job demands, Rigotti
et al. [36] found that overload from task demands related to decreased career self-efficacy
over one year.

Moving forward in the hypothesized causal chain, this study suggests that reduced
occupational self-efficacy may impair employees’ mental health. Bandura [8,10] provides
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several reasons why efficacy beliefs are a powerful determinant of people’s well-being.
Applying his arguments to the work context, the perception of not being capable of
successfully fulfilling job-related tasks is stressful and may deteriorate one’s mental health
as employees may continuously feel overloaded by their task duties. On a related note,
people with low efficacy beliefs tend to be less inventive in finding ways to exert control in
their environments [10]. Because most people are motivated to feel in control, a perceived
lack of it is unpleasant in and of itself and may have a harmful effect on the employees’
well-being [37]. Finally, as with other personal resources, occupational self-efficacy is
linked to resiliency [38]. Employees with low efficacy tend to withdraw in the face of
day-to-day difficulties and setbacks or, as Bandura [10] frames it, “slacken their efforts, give
up prematurely, or settle for poorer solutions” (p. 180). Over time, these coping strategies
may indeed place employees in less favorable positions and situations detrimental to their
mental health. Empirical studies demonstrating the beneficial effects of efficacy beliefs on
employee well-being are abundant. For example, Unsworth and Mason [39] have shown
that self-efficacy-enhancing intervention reduces employee stain.

In summary, the pattern of assumptions derived from social cognitive theory provides
a basis for arguing that diminished efficacy beliefs have the potential to mediate the detri-
mental effects of job demands on employee strain. Consistent with this proposition, Huang
et al. [19] found that organization-based self-esteem and optimism, but not the general
self-efficacy, mediated the detrimental effect of workload on employee burnout. This
finding is not surprising because previous literature has treated self-esteem and optimism,
as measured in Huang et al.’s study, as malleable characteristics open to development [10].
In comparison, the general self-efficacy, which concerns one’s beliefs about being capable
of succeeding in different tasks across situations [40], has been conceptualized as a more
stable trait-like characteristic less influenced by employees’ working conditions. Using
the same sample and three measurement waves, Wang et al. [41] found that personal
resources mediated the effect of job resources, but not the effect of job demands on burnout.
However, it is worth noting that job demands and personal resources exerted a significant
cross-lagged effect on personal resources and burnout, respectively, although not in a causal
order that would confirm the mediation effect. To the best of the author’s knowledge, the
study by Wang et al. [41] is the only study that examined the mediation role of personal
resources in a job demands-strain relationship using a research design comparable to that
used in the current study. However, these authors did not test the reversed mediation
path, according to which employee strain leads to more job demands through diminished
personal resources. As discussed in the following paragraphs, the social cognitive theory
provides arguments for why this path should also be considered. In keeping with the
presented theoretical and empirical arguments, the first hypothesis in this study is as
follows:

Hypothesis 1 (H1). Occupational self-efficacy mediates the relationship between role ambiguity
(H1a) and role conflict (H1b) and subsequent mental health complaints such that higher levels of
both role stressors relate to a decrease in occupational self-efficacy, and lower levels of occupational
self-efficacy in turn relate to an increase in mental health complaints over time.

1.2.2. The Mediated Effect of Mental Health Complaints on Role Ambiguity and Role
Conflict

As described earlier, people partially rely on their emotional states and mood when
judging their own capabilities. Therefore, not only can a low sense of efficacy result in
poor mental health, but mental health complaints can also diminish efficacy beliefs [8].
People with poor mental health experience negative moods, tension, anxiety, and feel
dysfunctional in relation to others, all states that can easily be interpreted as signs of
personal inefficacy [10]. In addition, these unpleasant states can evoke memories and
thoughts about past failures, thus indirectly reducing self-efficacy [8]. In line with the
assumptions that personal resources can function as both the antecedents and outcomes of
mental health, Reis et al. [42] found that psychological capital predicted higher levels of
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mental health and that mental health predicted higher levels of psychological capital over
time.

Applying social cognitive theory, it might also be suggested that occupational self-
efficacy may further influence perceived levels of role ambiguity and role conflict. There
are two plausible explanations for this effect. First, efficacy beliefs influence how people
perceive their environments [8]. As such, employees who are more convinced of their
abilities to master their jobs successfully may be more prone to interpret their work en-
vironments in a more favorable way or, in this particular case, perceive less ambiguity
and conflict within their work role. Second, employees might play a more active role
in relation to their environment by changing its objective features, a process that their
self-efficacy may strongly influence. Those who are more confident in their job-related
abilities might take a more proactive stance towards unfavorable working conditions and
attempt to reduce job demands on their own. For example, highly efficacious employ-
ees might be more inclined to proactively ask for additional information that will help
them better understand their duties or try to negotiate the content of their tasks so that
it better fits with their values. These and similar proactive changes made by employees
to reduce their job demands (and increase job resources) are known in the literature as
job crafting [43]. In this regard, self-efficacy may not only determine in which behaviors
employees will engage but also the amount of invested effort and perseverance [10]. This
also implies that employees who think poorly about their capabilities are more likely to
simply accept their unfavorable status quo. Alternatively, in a more extreme scenario, they
might engage in self-undermining behaviors, i.e., self-destructive behaviors through which
employees generate obstacles that undermine performance (e.g., by spurring confusion
when communicating with others [44]). Over time, these behaviors may lead to higher job
demands [4], including more ambiguous and incongruent work roles. The longitudinal
beneficial effect of self-efficacy on the amount of job demands perceived and created by
employees has been empirically demonstrated in previous studies (e.g., [45]).

In summary, this paper examines the assumption that employees with poorer mental
health perceive higher levels of role ambiguity and role conflict because this unfavorable
mental state undermines their belief that they are capable of successfully mastering their
jobs. To the best of the author’s knowledge, this is the first study to test whether occu-
pational self-efficacy mediates the effect of employee strain on job demands. However,
as previously stated, existing studies have shown that positive affective states, such as
work engagement, can lead to more job resources through increased efficacy beliefs [12].
Accordingly, the second hypothesis is as follows:

Hypothesis 2 (H2). Occupational self-efficacy mediates the relationship between mental health
complaints and subsequent role ambiguity (H2a) and role conflict (H2b) such that higher levels
of mental health complaints relate to a decrease in occupational self-efficacy, and lower levels of
occupational self-efficacy in turn relate to an increase in both role stressors over time.

2. Materials and Methods
2.1. Procedure and Participants

Data were collected as part of a larger research project focusing on the relationships
between the psychosocial work environment, employee personal resources and well-being.
Participants were recruited from private sector organizations stationed across Croatia. The
present study employed the sample recruited in the five largest organizations included in
the project (i.e., two information technology (IT) companies, one insurance company, one
medical equipment company, and one automobile company). Although diverse in terms of
the industry, all companies operate in competitive and dynamic economic environments,
which can be conducive for the development of occupational stress. A longitudinal study
design comprised three measurement waves spaced approximately 6 months apart. The
first wave took place from May to July 2016 (Time 1; T1), the second wave took place from
November 2016 to January 2017 (Time 2; T2), and the third wave took place from May to
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July 2017 (Time 3; T3). The rationale for the choice of a 6-month time lag is provided in
Supplementary Note S1 [46].

Data collection was organized in collaboration with HR managers. In exchange for
their participation, each organization received a report with an analysis of psychosocial
job characteristics. Data were collected via an online questionnaire. The introduction to
the survey informed participants about the purpose of the study, the voluntary nature of
their participation and the anonymity of the data. Employees were not compensated for
their participation. However, several other literature-based techniques [47], reported in
Supplementary Note S2, were used to increase response rates.

The invitation to participate in each survey was emailed to each employee, regardless
of their participation in previous wave(s) [48]. A total of 1631 employees were invited
to participate at T1, 1897 at T2, and 2061 at T3. Of those invited, 1220 employees began
completing the survey at T1 (response rate of 75%), 1513 at T2 (response rate of 80%), and
1314 at T3 (response rate of 64%). Based on the data screening procedure, participants who
did not meet the following criteria across three waves were excluded from the analyses:
participants who filled out the survey more than once (determined by a combination of
their identifier and background characteristics), participants who provided low-quality
data (e.g., exhibited a pattern of a long string of “middle” responses [49]), and participants
who reported an intra-organizational job transition between the three waves (as these
changes may affect the examined cross-lagged relationships, [50]). Moreover, the analyses
were based on data from participants who provided complete information about their T1
covariates. As a result, the effective longitudinal sample included 917 participants: 513
(55.9%) who participated at T1 only, 122 (13.3%) who participated at T1 and T2, 70 (7.6%)
who participated at T1 and T3, and 212 (23.1%) who participated in all three measurement
waves.

At T1, the average age of participants was 38.06 years (SD = 9.25). Approximately
half of the sample were female (50.2%), and around two-thirds were highly educated (i.e.,
63.2% held a Bachelor’s, Master’s, or postgraduate degree, whereas 36.8% had completed
upper secondary or pre-university education). The vast majority of participants had a per-
manent contract (91.5%). Among the remaining 8.5%, 8.3% had a temporary contract, and
0.2% were employed over a specific type of temporary contract that enables occupational
training without entering into an employment relationship and is intended to increase the
employability of young employees who have just entered the labor market. The average or-
ganizational tenure was 81.56 months (SD = 70.10). Most of the participants (70.6%) did not
hold a managerial position (and the positions of the remaining 29.4% of employees varied
from lower to high managerial positions). Finally, the majority worked full-time (99.7%).
An overview of the sample’s characteristics is presented in Supplementary Table S1.

To test whether there was any systematic drop out of participants, a binary logistic
regression analysis was conducted. Specifically, participation at all three waves versus drop
out at any wave was predicted by demographic and work-related variables (i.e., gender, age,
education, contract type, and managerial position (Step 1)), and the focal study variables
(i.e., role ambiguity, role conflict, occupational self-efficacy, and mental health complaints
at T1 (Step 2)). Due to its high correlation with age (r = 0.56, p < 0.001), organizational
tenure was not included simultaneously with age in this or any other analysis. Results
demonstrated that Step 1 significantly contributed to predicting respondents’ dropout
(χ2(5) = 22.67, p < 0.001): dropout was higher among male (OR = 0.57, p < 0.01) and less
educated (OR = 1.56, p < 0.05) respondents. Importantly, Step 2 of the analysis was not
statistically significant (χ2(4) = 8.03, p > 0.05), demonstrating that drop out at any wave
was not dependent on perceived levels of the two role stressors, occupational self-efficacy
and mental health complaints. In order to abate the likelihood of systematic drop out
effects that could lead to biased parameters, missing data among all 917 respondents
were treated using the full information maximum likelihood (FIML) estimation [51] (note
that FIML was used to estimate the missing data both within and across measurement
occasions). This procedure enabled the inclusion of participants who participated in one,
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two, or three measurement waves. The other advantage of FIML is that it produces more
accurate standard errors of parameter estimates due to greater statistical power and thereby
enables a more accurate test of the study hypotheses, particularly in comparison to listwise
deletion [48].

2.2. Measures

Following the logic of the full panel design, each variable was measured at each of the
three waves. All measures were subjected to a translation and back-translation procedure.

2.2.1. Job Demands

Role ambiguity and role conflict were measured using the items that measure two
corresponding subdimensions in the Psychological Climate Questionnaire originally devel-
oped by James and colleagues (e.g., [52]) and adapted by Tomas et al. [53]. Each job demand
was measured with five items. Sample items for role ambiguity are: “It is often not clear
who has the authority to make decisions regarding my job.” and “My work assignments
are clearly defined.” (reversely coded). Sample items for role conflict are: “I have to do
things that should be done differently.” and “A lot of what I do contradicts my personal
attitudes.” Respondents were asked to indicate their responses on a 5-point Likert scale
ranging from 1 (totally disagree) to 5 (totally agree). The Cronbach’s alpha coefficients were
0.84 (T1), 0.84 (T2), and 0.85 (T3) for role ambiguity and 0.87 (T1), 0.89 (T2), and 0.87 (T3)
for role conflict.

2.2.2. Occupational Self-Efficacy

Occupational self-efficacy was measured with the short six-item version of the occupa-
tional self-efficacy scale developed by Schyns and von Collani [9] and adapted by Rigotti
et al. [54]. All items in this scale are tailored to the work context (e.g., “I meet the goals that
I set for myself in my job”). Respondents rated each item on a scale ranging from 1 (not at
all true) to 6 (completely true). The Cronbach’s alpha coefficients were comparable to the
ones obtained by Rigotti et al. [54]: coefficients obtained in this study were 0.86 (T1), 0.84
(T2), and 0.89 (T3), and coefficients obtained by these authors ranged from 0.85 to 0.90.

2.2.3. Mental Health Complaints

To measure mental health complaints in this study, four items of the Mental Health
Inventory [55] were used. A sample item is “How much of the time, during the last month,
have you been a very nervous person?” Responses were provided on a scale ranging from
0 (never) to 6 (always). The Cronbach’s alpha coefficients were 0.83 (T1), 0.85 (T2), and
0.84 (T3). As such, they were comparable to the ones obtained in previous studies. For
example, in a recent study conducted among Romanian workers, Tisu et al. [56] reported a
Cronbach alpha coefficient of 0.84.

2.2.4. Control Variables

Previous studies showed that the variables of primary interest in this study could
vary by gender [57], age [58], education [59], and managerial position [60]. Therefore,
these sociodemographic variables, as well as organizational membership, were considered
as potential confounding variables that could lead to spurious results. To avoid statis-
tical overcontrol that can attenuate the effects of interest [16], only those variables with
non-trivial relationships with core study variables were included in the analyses testing
study hypotheses. Accounting for the correlations presented in Table 1, each of the study
constructs was regressed on organizational membership variable; role ambiguity was addi-
tionally regressed on age and education, and occupational self-efficacy was additionally
regressed on managerial position.
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Table 1. Descriptive statistics, correlations, and Cronbach’s alpha coefficients (in parentheses).

Variables M SD 1. 2. 3. 4. 5. 6. 7. 8. 9. 10. 11. 12. 13. 14. 15. 16.

1. Gender - - -
2. Age (in years) 38.06 9.25 0.01 -

3. Education - - 0.15 *** −0.26 *** -
4. Contract type - - −0.07 * −0.30 *** 0.09 ** -

5. Tenure (in months) 81.56 70.10 −0.05 0.56 *** −0.16 *** −0.27 *** -
6. Managerial position - - 0.06 0.12 *** 0.13 *** −0.11 ** 0.26 *** -

7. Org1 - - −0.20 *** 0.31 *** −0.30 *** −0.01 * 0.16 *** −0.09 ** -
8. Org2 - - 0.27 *** −0.17 *** 0.40 *** −0.12 *** −0.07 * −0.04 −0.13 *** -
9. Org3 - - −0.05 −0.30 *** 0.20 *** 0.43 *** −0.26 *** 0.08 * −0.25 *** −0.24 *** -

10. Org4 - - 0.11 ** 0.08 * −0.22 *** −0.07 * 0.06 0.08 * −0.23 *** −0.23 *** −0.10 ** -
11. Role ambiguity (T1) 2.35 0.72 0.05 −0.08 * 0.18 *** −0.01 * −0.01 0.05 −0.11 ** 0.27 *** 0.03 −0.18 *** (0.84)
12. Role ambiguity (T2) 2.34 0.69 −0.03 −0.19 *** 0.21 *** 0.05 −0.06 0.00 −0.15 ** 0.28 *** 0.05 −0.21 ** 0.71 *** (0.84)
13. Role ambiguity (T3) 2.33 0.68 0.12 * −0.21 *** 0.11 0.01 −0.10 0.00 −0.23 *** 0.29 *** 0.08 −0.15 * 0.67 *** 0.69 *** (0.85)

14. Role conflict (T1) 2.45 0.78 0.00 0.07 * −0.02 0.01 0.06 −0.05 0.16 *** 0.01 −0.07 * −0.15 *** 0.58 *** 0.47 *** 0.42 *** (0.87)
15. Role conflict (T2) 2.40 0.79 −0.10 −0.09 0.02 0.10 0.01 −0.07 0.11 0.02 −0.04 −0.16 ** 0.51 *** 0.62 *** 0.45 *** 0.72 *** (0.89)
16. Role conflict (T3) 2.36 0.71 0.03 −0.08 −0.06 0.07 0.02 −0.05 0.02 0.04 −0.04 −0.09 0.46 *** 0.45 *** 0.57 *** 0.63 *** 0.71 *** (0.87)

17. OCCSE (T1) 5.05 0.57 0.06 0.02 0.00 0.00 0.07 * 0.09 ** −0.15 *** −0.05 0.01 0.19 *** −0.26 *** −0.22 *** −0.29 *** −0.21 *** −0.17 ** −0.25 ***
18. OCCSE (T2) 5.04 0.50 0.07 0.11 * −0.02 −0.05 0.05 0.14 * −0.08 −0.07 −0.05 0.29 *** −0.20 *** −0.30 *** −0.30 *** −0.23 *** −0.24 ** −0.23 ***
19. OCCSE (T3) 5.04 0.59 0.03 0.01 0.02 0.00 −0.02 0.11 −0.13 * −0.02 0.06 0.29 *** −0.20 ** −0.31 *** −0.22 *** −0.23 *** −0.33 *** −0.31 ***
20. MHC (T1) 2.13 0.97 −0.05 0.01 −0.04 −0.02 0.08 * 0.00 0.13 *** −0.03 −0.01 −0.08 * 0.34 *** 0.31 *** 0.25 *** 0.47 *** 0.34 *** 0.29 ***
21. MHC (T2) 2.06 0.97 −0.015 ** −0.11 * −0.02 0.00 0.02 −0.07 0.02 0.03 0.04 −0.05 0.34 *** 0.46 *** 0.31 *** 0.39 *** 0.49 *** 0.36 ***
22. MHC (T3) 2.07 0.95 −0.03 −0.10 −0.10 0.00 −0.01 −0.03 0.08 0.02 0.03 −0.15 * 0.29 *** 0.32 *** 0.33 *** 0.32 *** 0.30 *** 0.26 ***

Variables 17. 18. 19. 20. 21. 22.
17. OCCSE (T1) (0.86)
18. OCCSE (T2) 0.68 *** (0.84)
19. OCCSE (T3) 0.64 *** 0.52 *** (0.89)
20. MHC (T1) −0.36 *** −0.37 *** −0.26 *** (0.83)
21. MHC (T2) −0.36 *** −0.38 *** −0.32 *** 0.63 *** (0.85)
22. MHC (T3) −0.36 *** −0.39 *** −0.19 *** 0.62 *** 0.65 *** (0.84)

Note: N = 917 (missing data were treated using the FIML estimation). Gender (0 = female, 1 = male), education (0 = upper secondary or pre-university education, 1 = Bachelor’s, Master’s, or postgraduate
degree), contract type (0 = permanent, 1 = temporary), managerial position (0 = no, 1 = yes), Org1–Org4 (dummy recoded organizational membership), OCCSE = occupational self-efficacy, MHC = mental health
complaints. * p < 0.05; ** p < 0.01, and *** p < 0.001.
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2.3. Analytical Procedure

The first step of data analyses involved testing the hypothesized measurement model
and its invariance across time, whereas the second step entailed testing the hypothesized
indirect effects.

The overall fit of the hypothesized measurement model was evaluated using con-
firmatory factor analysis (CFA). Items intended to measure role ambiguity, role conflict,
occupational self-efficacy and mental health complaints were allowed to load onto their
respective factor at each measurement occasion. The resulting 12 factors (i.e., four factors
over three waves) were allowed to correlate with each other. Finally, to account for the tem-
poral stability of the indicator-specific variance, correlations between item residuals were
specified for each pair of equivalent items across time [61]. The hypothesized four-factor
model was then tested against two alternative models (each specified at three waves simul-
taneously): a three-factor model in which indicators intended to measure role ambiguity
and role conflict loaded on one factor and a one-factor model.

Prior to testing the study hypotheses, it was also necessary to demonstrate the longi-
tudinal measurement invariance of the best-fitting measurement model. For this purpose,
a series of three nested models, each imposing an increasing degree of invariance on
model parameters across time, were compared: the configural invariance model (with
factor structure constrained equal across time), the metric invariance model (with factor
loadings additionally constrained equal across time), and the scalar invariance model (with
item intercepts additionally constrained equal across time). Measurement invariance is
demonstrated when the more constrained model (e.g., scalar invariance model) fits the
data equally well as the less constrained model (e.g., metric invariance model). Without
demonstrating at least partial longitudinal invariance of factor loadings and intercepts,
it is impossible to know whether any changes observed in constructs are real changes
or whether the meaning of the items changed across time [16]. In the latter case, the
interpretability of the cross-lagged coefficients might be impeded.

The second step of the analyses involved testing the hypothesized indirect effects
from job demands to mental health complaints through occupational self-efficacy (H1a
and H1b, respectively) and, vice versa, from mental health complaints to job demands
through occupational self-efficacy (H2a and H2b, respectively). The starting point for these
analyses was the measurement model with factor structure, factor loadings, and intercepts
constrained equal across time to the degree allowed by the longitudinal measurement
invariance test. To test the hypothesized cross-lagged paths, the nondirectional cross-time
relationships between the factors needed to be converted into directed relationships [16].
This was carried out in line with the logic of the four nested structural models: (i) the stabil-
ity model (including only autoregressive paths); (ii) the normal causation model (including
cross-lagged paths from role ambiguity and role conflict at T1 and T2 to occupational
self-efficacy at T2 and T3, respectively; occupational self-efficacy at T1 and T2 to mental
health complaints at T2 and T3, respectively; and role ambiguity and role conflict at T1 to
mental health complaints at T3); (iii) the reversed causation model (including cross-lagged
paths from mental health complaints at T1 and T2 to occupational self-efficacy at T2 and
T3, respectively; occupational self-efficacy at T1 and T2 to role ambiguity and role conflict
at T2 and T3, respectively; and mental health complaints at T1 to role ambiguity and role
conflict at T3); and (iv) and the reciprocal causation model (i.e., the hypothesized model;
including all cross-lagged paths from the normal causation model and the reversed causa-
tion model). Each structural model additionally included: control variables; correlations
between error variances of the corresponding items across time; correlations between all
exogenous variables at T1; and correlations between all disturbance factors associated with
endogenous variables at T2 and T3 [16].

The final analysis in this step included a test of time invariance of the best fitting
structural model. To do so, the paths from T1 to T2 were fixed to be equal to the equivalent
paths from T2 to T3 in the following order: first, the autoregressive paths; then the path(s)
from the predictor(s) to the mediator; and finally, the path(s) from the mediator to the
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outcome(s). Conclusions regarding the study hypotheses were based on the model allowing
for the highest level of time invariance without compromising the model fit. The statistical
significance of the indirect effects was estimated from the 95% confidence intervals (CIs)
provided by bootstrap analysis (10,000 resamples).

All measurement and structural models were tested in the Mplus 8.5 statistical soft-
ware [62] using maximum likelihood estimation. In evaluating the goodness-of-model
fit, well-established cut-off criteria were applied (i.e., CFI and TLI > 0.90; RMSEA and
SRMR < 0.08, [63,64]). Nested models were statistically compared with the conventionally
used chi-square difference test (∆χ2). However, this test has been criticized as being too
stringent to serve as an indicator of measurement invariance due to its sensitivity to sample
size [65]. Therefore, measurement invariance was also evaluated based on the difference in
CFI (∆CFI). According to this indicator, non-invariance is established when the change in
CFI between two nested models exceeds a value of 0.01 [65].

3. Results

Mean values, standard deviations, Cronbach’s alpha coefficients and correlations for
all study variables are presented in Table 1.

3.1. Testing the Measurement Model and Longitudinal Measurement Invariance

The hypothesized measurement model consisting of four factors at three waves
demonstrated a satisfactory fit to the data (χ2 = 2811.052, df = 1584, p < 0.001, CFI = 0.928,
TLI = 0.920, RMSEA = 0.029, SRMR = 0.054). All items were strongly related to the re-
spective latent factor (with standardized factor loadings ranging from λ = 0.57 to 0.87).
Furthermore, this model fitted the data significantly better than an alternative three-factor
model in which items intended to measure role ambiguity and role conflict loaded onto
one factor at each wave (∆χ2 = 1188.115, ∆df = 30, p < 0.001, CFI = 0.860, TLI = 0.847,
RMSEA = 0.040, SRMR = 0.065), and a one-factor model in which all items loaded onto
one factor at each wave (∆χ2 = 5409.300, ∆df = 63, p < 0.001, CFI = 0.615, TLI = 0.586,
RMSEA = 0.066, SRMR = 0.118).

The satisfactory model fit of the hypothesized four-factor model (i.e., a configural
invariance model) supported the notion of equal factor structures across three waves.
Further fixing of model parameters equal across time did not compromise a model fit:
neither fixing of factor loadings in a metric invariance model (∆χ2 = 39.581, ∆df = 32,
p > 0.05, ∆CFI = 0), nor of item intercepts in a scalar invariance model (∆χ2 = 44.762,
∆df = 32, p > 0.05, ∆CFI = 0.001). Accordingly, the assumptions of full metric and scalar
invariance were supported, enabling a valid test of the study hypotheses in the following
step. A more detailed overview of model fit indices is presented in Table 2.

Table 2. Fit indices and results of the comparison of competing nested measurement and structural models.

Model No. Model Description χ2 df CFI TLI RMSEA SRMR ∆ Model ∆χ2 ∆df

M1 Configural 2811.052 *** 1584 0.928 0.920 0.029 0.054 – – –
M2 Metric 2850.633 *** 1616 0.928 0.921 0.029 0.057 M2–M1 39.581 32
M3 Scalar 2895.395 *** 1648 0.927 0.921 0.029 0.057 M3–M2 44.762 32
S1 Stability 3626.510 *** 2051 0.910 0.904 0.029 0.072 – – –
S2 Normal causation 3602.898 *** 2043 0.911 0.905 0.029 0.064 S2–S1 23.612 ** 8
S3 Reversed causation 3616.806 *** 2043 0.910 0.904 0.029 0.065 S3–S1 9.704 8
S4 Reciprocal causation 3594.498 *** 2035 0.911 0.904 0.029 0.061 S4–S1 32.012 ** 16

S4–S2 8.400 8

S5 Autoregressive paths
constrained equal 3605.737 *** 2047 0.911 0.905 0.029 0.064 S5–S2 2.839 4

S6 Paths from RA and RC→
OCCSE fixed equal 3606.995 *** 2049 0.911 0.905 0.029 0.064 S6–S5 1.258 2

S7 Path from OCCSE→MHC
fixed equal 3607.002 *** 2050 0.911 0.905 0.029 0.064 S7–S6 0.007 1

Note: N = 917 (missing data were treated using the FIML estimation). RA = role ambiguity, RC = role conflict, OCCSE = occupational
self-efficacy, MHC = mental health complaints. CFI = Comparative Fit Index, TLI = Tucker-Lewis Index, RMSEA = root mean squared error
of approximation, SRMR = standardized root mean squared residual. ** p < 0.01, *** p < 0.001.
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3.2. Testing the Hypothesized Indirect Effects

Statistical comparison of structural models demonstrated that the normal causation
model outperformed the three remaining competing models. First, only the normal and
reciprocal causation models fitted the data significantly better than the stability model
(∆χ2 = 23.612, ∆df = 8, p < 0.01 and ∆χ2 = 32.012, ∆df = 16, p < 0.01, respectively). Second,
the reciprocal causation model did not fit the data better than the normal causation model
(∆χ2 = 8.400, ∆df = 8, p > 0.05). Hence, because the more parsimonious model—the normal
causation model—was found to be the baseline model for further testing of indirect effects,
hypotheses H2a and H2b were immediately refuted. An overview of fit indices of each
structural model is presented in Table 2.

To further examine whether the structural paths of the normal causation model were
invariant across time, the autoregressive paths were fixed as equal between the three waves.
This constrained model did not significantly deteriorate the model fit (∆χ2 = 2.839, ∆df = 4,
p > 0.05). Therefore, analysis proceeded by fixing the paths from role ambiguity and role
conflict to occupational self-efficacy as equal across time (i.e., “a” paths in the mediation
model). The results demonstrated that the paths from these two predictor variables to the
mediator were stable across time (∆χ2 = 1.258, ∆df = 2, p > 0.05). The same conclusion
was drawn regarding the path from occupational self-efficacy to mental health complaints
(i.e., “b” path in the mediation model): fixing these paths as equal across time did not
significantly compromise the model fit (∆χ2 = 0.007, ∆df = 1, p > 0.05). To summarize,
the results demonstrated that all structural paths were stable across time (see Table 2).
Therefore, the constrained normal causation model presented in Supplementary Figure S1
was used as a basis from which to test whether occupational self-efficacy mediated the
effects from role ambiguity and role conflict to mental health complaints.

The individual cross-lagged coefficients revealed the following results. Role ambiguity
did not relate significantly to subsequent occupational self-efficacy (B = 0.09, p = 0.08). In
contrast and as expected, role conflict did have a negative cross-lagged effect on employees’
efficacy beliefs (B = −0.15, p < 0.001). Occupational self-efficacy, in turn, related negatively
to mental health complaints over time (B = −0.14, p = 0.04), which was also in line with
expectations. Consistent with this pattern of findings, occupational self-efficacy did not
mediate the effect of role ambiguity on mental health complaints (B = −0.01, 95% CI
[−0.039, 0.00]), thus refuting H1a. However, in support of H1b, the indirect effect of role
conflict on mental health complaints through occupational self-efficacy was significant and
in the expected direction (B = 0.02, 95% CI [0.003, 0.055]): employees who experienced
more role conflict over time became less confident that they were capable to successfully
perform their job, and these decreased efficacy beliefs subsequently led them to experience
more mental health complaints. Therefore, H1 was partially supported.

4. Discussion

The present study seeks to explain the psychological process underlying the reciprocal
relationships between job demands and employee strain. By applying social cognitive
theory [8], occupational self-efficacy is advanced as an explanatory mechanism underlying
both causal relationships. The results provided partial support for the proposed process
according to which detrimental working conditions deteriorate mental health by thwarting
employee efficacy beliefs. However, they did not comport with the hypotheses delineating
reversed mediation paths according to which mental health complaints lead to higher levels
of job demands through diminished occupational self-efficacy. The following paragraphs
discuss the plausible explanations for these findings.

First, the results show that occupational self-efficacy mediates the effect of role conflict
but not the effect of role ambiguity on employee mental health complaints. These disparate
results reflect the finding according to which role ambiguity did not exert the hypothesized
detrimental effect on employees’ efficacy beliefs, whereas role conflict did lead to decreased
occupational self-efficacy over time. To explain the disparate findings that lent empirical
support for the suggestion that the person-role conflict (but not role ambiguity) thwart
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employees’ mastery experiences and evoke unpleasant physiological and affective states [8],
it might be necessary to take a more nuanced perspective on each job demand and how
these demands were experienced by the employees who participated in this study. Once
again, this can be achieved by integrating theoretical propositions derived from the JD–R
theory [1] and social cognitive theory [8].

Specifically, the more recent literature on the JD–R theory acknowledges that not all
job demands necessarily thwart employees’ mastery experiences, personal growth, and
goal attainment. Rather, some job demands can achieve the opposite by promoting mastery,
learning, and future gains [35]. In line with this conceptual distinction, growing empiri-
cal evidence substantiates the difference between hindrance and challenge job demands
(e.g., [66]). Both types of job demands require effort and, as a result, consume employ-
ees’ energy resources [1]. However, hindrance job demands are perceived as constraints
that unnecessarily interfere with employees’ progress towards goal achievement, whereas
challenge demands are experienced as opportunities for learning, task achievement and
personal growth [67]. Consistent with its prevailing status as a hindrance demand in the
literature, the results indicate that person-role conflict was indeed perceived as an obstacle
that interfered with employees’ task achievements, thereby hampering their mastery ex-
periences [35]. These experiences have, in turn, provided information cues for employee
inefficacy [30].

On the other hand, although it did not reach statistical significance, the positive sign
of the effect of role ambiguity on occupational self-efficacy suggests that this job demand
might have been experienced as a challenge rather than a hindrance demand for some
employees in this study. This suggestion aligns with the JD–R theory and the transactional
theory of stress, which both acknowledge that a single job demand may be experienced
as a hindrance or a challenge demand depending on the context and the characteristics of
the person who is appraising the demand [1,68]. The sample in this study was predomi-
nantly composed of highly educated employees performing highly skilled, non-manual
jobs. These characteristics might have predisposed employees to perceive ambiguous
goals, assignments, and authority boundaries as surmountable obstacles that could be
mastered with additional effort. According to social cognitive theory, the most resilient
sense of self-efficacy is established when individuals overcome setbacks and difficulties
“through perseverant effort” and not when they experience “only easy successes” [10]
(p. 185). Therefore, for highly skilled and educated employees, role ambiguity might have
represented a stimulating challenge: by investing their energy into structuring ambiguous
work roles requirements, employees were able to put their competence to good use and
demonstrate their capabilities. For this reason, once role ambiguity was overcome, it might
have promoted a sense of achievement, mastery, and a positive mood. The presented
arguments are consistent with the study by Ventura et al. [69], who found that role ambigu-
ity negatively relates to professional self-efficacy among the sample of secondary school
teachers but not among a heterogeneous sample of ICT users.

Regarding the effect of occupational self-efficacy on mental health complaints, the re-
sults are consistent with the tenets of social cognitive theory and existing studies (e.g., [39]).
Specifically, the study shows that employees with a more positive outlook about their
abilities to master their jobs successfully reported fewer mental health complaints over
time. A strong sense of occupational self-efficacy may thus have served as a protective
factor that led employees to adopt a more proactive stance vis-à-vis everyday hassles at
work and exercise control in their work environment, thereby reducing their stress levels
and enhancing mental well-being.

In all, the results pertaining to the first two hypotheses complement the few previous
studies that have included efficacy beliefs in the causal link together with demanding
working conditions and employee well-being (e.g., [19,69]). Of note is that some of these
studies posited that job demands explain the link between self-efficacy and well-being, and
not the other way around [45,69]. Unfortunately, the research designs used to verify this
assumption included a maximum of two measurement waves, which is suboptimal for a
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test of mediation. In contrast, the present study partially demonstrated that job demands (as
elements of the external work environment) present a more distal antecedent of employee
strain reactions, while employees’ efficacy beliefs (as internal personal resources) act as a
more proximal antecedent of these reactions.

The second set of hypotheses suggested that employees with poorer mental health are
more likely to evaluate their capabilities as inadequate for the successful accomplishment
of job-related duties [8]. Lower levels of efficacy beliefs were, in turn, expected to prompt
employees to perceive their work roles as more ambiguous and incongruent or even to
behave in a way that would create such working conditions. However, the results did
not lend support to these hypotheses. To better understand the plausible reasons for
the nonsignificant indirect effects, it might be worthwhile to consider once again the
assumptions of social cognitive theory in combination with the methodological aspects of
this study.

Bandura [8] argued that it is not merely the intensity of emotional states and mood
that is crucial for efficacy judgements, but rather how one interprets and integrates these
experiences into their own efficacy beliefs system. As previously discussed, the character-
istics of the person performing such cognitive processes determine the manner in which
information conveyed by various sources of efficacy beliefs will be integrated into that
person’s system of efficacy beliefs. As the sample in this study was mainly composed
of highly skilled professionals, it is perhaps possible that higher levels of mental health
complaints were not powerful enough to dimmish their efficacy beliefs. This argument
might be substantiated by the observed negatively skewed distribution of occupational
self-efficacy, which is indicative of a strong, more robust sense of efficacy beliefs. Moreover,
a period longer than 6 months might have been necessary for poor mental health to instill
the hypothesized detrimental process, such as that applied in previous studies [36,45].
Finally, the available research suggests that mastery experiences are more influential in
shaping self-efficacy than internal states such as mood [70]. As such, it might be plausible
that, when these factors were tested simultaneously in a reciprocal model, the mastery
experiences conveyed by person-role conflict predominated over the effects of mental
health complaints, thus rendering the latter nonsignificant in influencing occupational
self-efficacy.

4.1. Theoretical and Practical Implications

Taken together, the results of this study have several implications for the JD–R theory.
Firstly, the study indicates that employee efficacy beliefs can explain the link between
job demands and strain reactions: demanding working conditions can instill self-doubt
about one’s job-related capabilities, which in turn has long-term detrimental effects on
mental well-being. As such, the study extends the list of previously examined mediators
of the job demands-strain relationship by adding a plausible mechanism derived from
social cognitive theory. However, the results also show that occupational self-efficacy
cannot serve as a universal mechanism that accounts for the detrimental effects of each job
demand (cf. [18]) or for the reversed effect starting from employee strain. In this regard,
more precise predictions can potentially be achieved by accounting for employee work-
related characteristics (e.g., skill level, education) as the potential moderators of the effects
of job demands and strain on efficacy beliefs.

Furthermore, the study sheds new light on the role of personal resources within
the JD–R theory. In addition to their well-established mediating role in the motivation
process and partially supported moderating role in the job demands-strain relationship,
the results demonstrate that malleable personal resources can also explain why certain job
characteristics harm employee mental health.

Accordingly, this study also indicates that fostering efficacy beliefs is one way in which
HR practitioners might increase the effectiveness of interventions aiming to forestall loss
cycles and enhance employee mental health. This suggestion becomes even more relevant
in situations in which eliminating job demands from the work environment is challenging,
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as is often the case with person-role conflict. To do so, practitioners might benefit from
applying social cognitive theory, which provides well-developed principles for governing
the development of efficacy beliefs in a work context.

For example, one of the most effective ways organizations can cultivate a sense of
efficacy among employees is to create working conditions that enable them to achieve
graduated successes and learn how to overcome obstacles and failures through persever-
ant effort [10]. In this way, the resulting increases in occupational self-efficacy should
be resilient to future failures and setbacks. The remaining principles include enabling
employees to observe competent models similar to themselves, providing informative and
encouraging feedback, and instructing employees on methods for reducing unpleasant
physical and emotional states [10].

4.2. Limitations and Suggestions for Future Research

The first limitation concerns the use of a 6-month time lag, which was optimal for
demonstrating the hypothesized indirect effect of at least one job demand on mental health
but potentially suboptimal for detecting the reversed indirect effect. To examine whether
occupational self-efficacy or similar personal resources can indeed account for the effects
of poor mental health on increases in (perceived) job demands, longer time lags may be
needed. This suggestion is in line with the work of Rigotti et al. [36], who found that
emotional strain exerts a negative effect on career-self-efficacy after a period of 1 year, and
Vera et al. [45], who demonstrated the negative effect of occupational self-efficacy on job
demands using an 8-month time lag. Future studies may also examine whether the length
of what is considered an optimal time lag for any of the hypothesized effects depends on
employees’ human capital (e.g., level of professional skills). For example, longer time lags
may be needed for mental health complaints to instill the hypothesized loss cycles among
better-equipped individuals less prone to losses in efficacy beliefs, while the opposite might
be true for ill-equipped employees.

Second, the sample in this study was not representative of the Croatian workforce, thus
limiting the generalizability of the results. The composition of the sample in terms of their
professional profiles may also have induced bias into the study results by underestimating
the obtained effects due to a restriction of range in the mediator variable. Consistent with
this suggestion is the relatively small obtained effect size of the indirect effect. As such,
future studies might benefit from employing more heterogeneous and more representative
samples.

A final limitation refers to the conceptualization of job demands, personal resources
and strain. The choice of two role stressors in this study was based on their well-established
harmfulness and omnipresence in various occupations and work settings. However, it
might be interesting to examine whether job demands from other domains (e.g., interper-
sonal conflicts, emotional demands, and job insecurity) can instigate the loss of personal
resources, in turn leading to more strain. Similar reasoning applies to personal resources
and employee strain. Examples of alternative conceptualizations include but are not limited
to psychological capital [71], organization-based self-esteem [72], as well as physical health
complaints.

5. Conclusions

Altogether, the results of this study indicate that strengthening employees’ efficacy
beliefs may generate an additional benefit that has been mainly overlooked in previous
research: it may curb the causal chain linking the job demands and the employee strain
reactions. Preserving employee mental health in the workplace is not only a worthwhile
pursuit on its own, but also enables organizations to save substantial financial resources
that are otherwise lost due to absenteeism and decreased productivity [73]. This may
be particularly true in light of the ongoing COVID-19 pandemic when employees world-
wide experience additional demands and threats at their workplace, ranging from direct
exposure to the virus to increased job insecurity and conflicts between work and family
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demands [74,75]. Therefore, now, and perhaps more than ever in modern history, investing
in employee mental health should be one of the most highly prioritized organizational
goals.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/
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work-related characteristics, Figure S1: Unstandardized path coefficients and confidence intervals.
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